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Abstract: 

The need for energy-efficient and high-performance computational systems has led to the 

exploration of specialized architectures like Compute-in-Memory (CIM). CIM accelerators are 

designed to process data directly within memory arrays, significantly reducing data movement 

and improving energy efficiency. A critical component of CIM systems is the Analog-to-Digital 

Converter (ADC), which converts analog signals from memory into digital data for processing. 

This paper investigates the energy and area trade-offs of ADCs used in CIM accelerators. By 

exploring various ADC architectures and their integration with memory-based computing, we 

highlight the challenges and strategies for optimizing energy consumption and area efficiency in 

these systems. 
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I. Introduction 

The evolving computational landscape is driven by the need for efficient, high-performance 

systems capable of handling the ever-growing data and processing demands in areas like 

artificial intelligence (AI), machine learning (ML), and big data analytics. Traditional Von 

Neumann architectures face significant performance bottlenecks due to the limited bandwidth 
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between memory and processing units [1]. Compute-in-Memory (CIM) accelerators present an 

alternative architecture that reduces these bottlenecks by performing computations directly 

within the memory arrays. In such systems, data is processed within the memory cells, and the 

need for frequent data transfers to a central processor is minimized. This approach offers 

significant improvements in energy efficiency and speed. However, to bridge the gap between 

analog memory elements and digital processors, an essential component is the Analog-to-Digital 

Converter (ADC). ADCs perform the critical function of converting the analog values stored in 

memory into digital data that can be processed by digital circuits. The design of ADCs plays a 

pivotal role in determining the overall performance of CIM systems. Efficient ADCs are required 

to minimize both the energy consumption and the area footprint of CIM accelerators. Thus, the 

development of energy-efficient and area-optimized ADCs is fundamental to achieving the full 

potential of CIM architectures.  Integrating Deep Neural Networks (DNNs) with emerging 

hardware technologies such as Compute-in-Memory (CIM), Analog-to-Digital Converters 

(ADC), and advanced energy-efficient and area-efficient designs is a key area of research and 

innovation aimed at addressing the challenges of traditional deep learning systems. These 

challenges include power consumption, computational complexity, and latency, especially when 

deploying DNNs in real-world applications like edge computing, autonomous systems, and 

Internet of Things (IoT) devices [2]. The need for efficient hardware architectures arises from the 

high computational demands of DNNs, particularly in terms of large-scale matrix 

multiplications, data transfer bottlenecks, and significant power consumption. Hardware 

solutions that incorporate CIM, ADC, and low-power designs aim to make DNN operations 

more efficient by reducing the energy cost and space requirements while enhancing 

computational throughput. The figure below shows the layout of Memory Architectures in N 

Accelerators.  
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Figure 1 Classification of the memory architectures 

 

This paper delves into the energy and area trade-offs of ADCs in the context of CIM 

accelerators, exploring how different ADC architectures can impact system-level performance. It 

presents an analysis of the various factors influencing ADC efficiency, such as resolution, speed, 

and power consumption [3]. Furthermore, it examines the challenges and opportunities 

associated with designing ADCs that are optimized for low-power and compactness in CIM 

applications. The paper aims to provide a comprehensive understanding of the key design 

considerations for ADCs in CIM accelerators. It also proposes strategies to achieve a balance 

between energy efficiency and area efficiency, contributing to the development of more effective 

and sustainable computing systems. This research highlights the importance of ADC design in 

advancing CIM-based architectures for future high-performance computing applications. 

II. Importance of ADCs in CIM Accelerators 

The Analog-to-Digital Converter (ADC) is a critical component in CIM accelerators, as it 

ensures the conversion of analog data from memory cells into digital form that can be processed 

by digital circuits. In a typical CIM architecture, memory cells store data in an analog form, 

which enables the computation to be performed directly on the stored values. However, most 

digital processors, which operate on binary data, cannot directly process these analog signals. 

Hence, ADCs are used to convert the analog data into digital signals, making it possible to 

integrate memory and processing in a more efficient manner. The efficiency of ADCs in CIM 

systems has a direct impact on both the speed and power consumption of the overall system. For 

example, high-speed ADCs are required when the CIM system needs to handle fast data 

processing. Similarly, high-resolution ADCs are necessary when precision is critical [4]. 
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However, both high-speed and high-resolution ADCs typically come with increased power 

consumption and larger area requirements, which can be detrimental to the overall efficiency of 

the system. 

Therefore, optimizing ADCs for energy efficiency and area consumption is vital for ensuring the 

success of CIM accelerators. One of the key challenges in ADC design is to balance the trade-

offs between speed, resolution, power consumption, and area. Achieving an optimal design 

requires careful consideration of the application's specific requirements and the constraints 

imposed by the physical hardware. For instance, in applications where speed is prioritized, faster 

ADCs may be required which will consume more power and occupy more area. In contrast, in 

applications where power efficiency is a primary concern, low-power ADCs with reduced 

resolution might be preferred. Another critical aspect of ADC performance in CIM accelerators 

is the sampling rate, which determines how frequently the ADC captures and converts the analog 

signals [5]. A high sampling rate allows for faster data processing but results in higher power 

consumption and greater area usage due to the need for additional components to handle the 

faster sampling. Conversely, a lower sampling rate can help reduce power consumption and area 

requirements, but it may limit the performance of the system, especially in high-speed 

applications. 

In the context of CIM accelerators, ADCs must also be compatible with the memory architecture. 

The integration of ADCs with memory elements can pose design challenges related to noise, 

signal integrity, and timing. The ADC must be able to accurately sample and convert the analog 

data stored in memory without introducing errors that could compromise the overall 

computation. Additionally, the ADC's interface with the memory must be optimized to minimize 

delays and ensure that the conversion process does not become a bottleneck in the system. 

Furthermore, the scalability of ADC designs is another important consideration. As CIM 

accelerators are used in increasingly complex applications, the need for higher-resolution and 

faster ADCs will continue to grow. Therefore, ADCs must be scalable to meet the evolving 

demands of CIM architectures. This requires innovations in ADC design that allow for improved 

performance without proportionally increasing power consumption and area. 

III. Energy Consumption in ADCs 
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Energy consumption is a key concern in the design of ADCs for CIM accelerators. Since ADCs 

are involved in the critical process of converting analog signals to digital form, their energy 

consumption directly impacts the overall efficiency of CIM systems. The total energy 

consumption of an ADC is influenced by several factors, including the resolution, speed, and 

conversion method [6]. Each of these factors contributes to the amount of power required during 

the conversion process, and finding the right balance is crucial for optimizing energy efficiency. 

One of the primary sources of energy consumption in ADCs is dynamic power, which is 

proportional to the frequency of operation and the number of bits in the resolution. Higher-

resolution ADCs require more bits to represent the analog signal accurately, leading to increased 

power consumption. In addition, higher-speed ADCs, which operate at faster clock rates, 

consume more energy due to the need for quicker conversion times. As a result, designing low-

power ADCs requires careful consideration of these trade-offs between resolution, speed, and 

energy consumption. To reduce energy consumption, various techniques have been proposed in 

ADC design. One such approach is voltage scaling, where the supply voltage is reduced to 

decrease power consumption. Lowering the supply voltage reduces both dynamic and static 

power consumption, but it may also reduce the speed and resolution of the ADC. Therefore, 

voltage scaling must be carefully balanced to maintain the desired performance levels while 

minimizing energy usage. Another strategy for reducing energy consumption in ADCs is clock 

gating, where the clock signal is selectively disabled during periods when the ADC is not active. 

This technique reduces the unnecessary switching activity within the ADC, leading to lower 

dynamic power consumption. However, clock gating must be implemented in a way that does 

not interfere with the ADC's timing requirements, which can be challenging in high-speed 

applications. 

Power-efficient ADC designs also take advantage of approximate computing methods, where 

some level of error is tolerated to reduce energy consumption. These approximate ADCs 

sacrifice a small degree of accuracy to achieve significant reductions in power usage. This 

approach is particularly useful in applications where perfect accuracy is not required, such as 

certain types of machine learning or image processing tasks, where a small amount of error can 

be tolerated in exchange for significant power savings [7]. In addition to reducing energy 

consumption during the conversion process, optimizing the ADC's interface with memory 
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elements can also help minimize energy waste. For example, reducing the number of times data 

must be read from memory or the frequency of ADC sampling can contribute to lower overall 

energy usage. Efficient integration of the ADC with memory systems is therefore essential for 

achieving energy-efficient CIM accelerators. 

Furthermore, advanced technologies such as memristive devices, which offer lower power 

consumption than traditional transistors, are being explored for use in ADC designs. Memristive 

ADCs could provide a promising path toward energy-efficient and high-performance ADCs for 

CIM accelerators, allowing for further reductions in energy consumption. Finally, the use of 

machine learning algorithms to dynamically adjust ADC parameters in response to workload 

demands offers a novel approach to reducing energy consumption. By optimizing the resolution 

and sampling rate based on real-time data, adaptive ADCs can ensure that the system uses 

minimal energy while maintaining performance, further contributing to the energy efficiency of 

CIM accelerators [8]. 

IV. Area Efficiency of ADCs 

Area efficiency is another critical design consideration when it comes to ADCs in CIM 

accelerators. The area consumed by the ADC must be carefully balanced with its functionality to 

ensure that the overall system remains compact and efficient. CIM accelerators aim to minimize 

the physical footprint of the system while maintaining high performance and the ADC plays a 

significant role in determining how much space is required for the system's core functions. The 

area consumed by an ADC depends on several factors, including the resolution, speed, and 

architecture of the ADC. Flash ADCs, for example, require a large number of comparators and 

logic gates to achieve high-speed conversions, leading to significant area overhead. While Flash 

ADCs are well-suited for applications requiring high-speed conversion, they come at the cost of 

a larger physical footprint. In contrast, Successive Approximation Register (SAR) ADCs are 

more compact and consume less area due to their simpler architecture, making them more 

suitable for applications where space is a critical concern. The resolution of the ADC is directly 

related to the area it occupies. Higher-resolution ADCs require more bits to represent the analog 

signal accurately, which in turn increases the number of components required in the conversion 

process. This results in a larger area footprint for high-resolution ADCs. Conversely, lower-



Submitted: 05/11/2024 Accepted: 20/12/2024 Published 23/12/2024f 

resolution ADCs are more compact but may sacrifice accuracy, which is undesirable in some 

applications. Therefore, the challenge lies in designing ADCs that offer a reasonable resolution 

while minimizing area consumption. 

To reduce the area of ADCs, various design techniques have been proposed. One such approach 

is the use of multi-bit or pipelined ADC architectures, where the conversion process is broken 

down into multiple stages to reduce the complexity of each stage. These multi-stage designs 

allow for a more efficient use of space while maintaining the desired performance. Additionally, 

techniques such as layout optimization and the integration of ADC components into smaller 

fabrication technologies can help reduce the overall area consumed by the ADC. Another 

strategy for improving area efficiency is the use of hybrid ADC designs, which combine the 

strengths of different ADC architectures to balance speed, resolution, and area. For example, a 

hybrid ADC might use a SAR ADC for low-resolution, low-power operation and switch to a 

Flash ADC for high-speed conversions when needed [9]. This adaptive approach can help 

optimize the area consumption of the ADC based on the requirements of the application. 

Moreover, reducing the complexity of the ADC’s supporting circuitry, such as reference voltage 

generators and sample-and-hold circuits, can also contribute to smaller area requirements. By 

minimizing the number of components needed to support the ADC’s operation, designers can 

reduce the total area consumed by the ADC without sacrificing its functionality. The integration 

of advanced materials, such as memristors or nanoscale transistors, also offers promising 

opportunities for reducing the area of ADCs. These materials have the potential to enable more 

compact and efficient designs, leading to smaller and more area-efficient ADCs. In high-

performance CIM systems, it is essential to ensure that the ADC does not become a bottleneck in 

terms of area. Therefore, careful consideration of both the ADC’s functionality and its area 

requirements is necessary to maintain the overall efficiency of the system. 

V. Trade-Offs Between Energy and Area 

The relationship between energy consumption and area efficiency is central to the design of 

ADCs in CIM accelerators. Typically, these two factors are inversely related—optimizing for 

one often results in a trade-off that increases the other. For example, high-resolution ADCs tend 
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to consume more energy due to the increased number of bits required for accurate conversion, 

but they also require more area to accommodate the additional components needed for the 

conversion process. Conversely, low-resolution ADCs are more area-efficient but may result in 

higher energy consumption, as additional processing stages may be required to compensate for 

the reduced resolution [10]. This trade-off between energy and area is especially significant in 

CIM accelerators, where both energy efficiency and area optimization are critical for achieving 

high-performance computing with minimal power consumption. Designers must carefully 

balance these two factors to ensure that the ADC meets the performance requirements of the 

application while adhering to the physical and energy constraints of the system. One approach to 

addressing the energy-area trade-off is through adaptive ADC architectures, which dynamically 

adjust their resolution and sampling rate based on workload conditions. By adjusting these 

parameters in real-time, the ADC can maintain optimal performance while minimizing both 

energy consumption and area usage.  

Adaptive systems allow for more flexible and efficient hardware utilization, enabling the CIM 

accelerator to respond to varying computational demands. Another strategy for optimizing both 

energy and area is the use of hybrid ADC designs. Hybrid ADCs combine the strengths of 

different ADC architectures, such as SAR ADCs and Flash ADCs, to achieve the desired balance 

between speed, resolution, energy, and area. These designs enable the system to switch between 

different ADC modes depending on the specific requirements of the task at hand, resulting in 

both energy and area savings. Furthermore, the use of advanced fabrication technologies, such as 

3D integration or nanometer-scale transistors, can help mitigate the trade-off between energy and 

area. These technologies enable the integration of smaller, more power-efficient components, 

leading to reduced energy consumption without sacrificing area efficiency. As a result, it 

becomes possible to design ADCs that offer both low energy consumption and small area 

footprints, even at high resolution and speed. Lastly, machine learning techniques can be 

employed to dynamically optimize the ADC’s performance.  

By using machine learning algorithms to predict workload conditions and adjust ADC 

parameters, the system can minimize both energy and area usage. This approach allows the CIM 

accelerator to adapt to changing computational demands, ensuring that the system operates 

efficiently at all times. The trade-offs between energy and areas are complex, and there is no 
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one-size-fits-all solution. However, with the right combination of design strategies and 

technologies, it is possible to achieve an optimal balance that meets the needs of the application. 

VI. ADCs for High-Performance CIM Systems 

High-performance CIM accelerators, particularly those designed for demanding tasks such as AI 

and ML require ADCs that can handle large volumes of data at high speeds without 

compromising energy efficiency or area efficiency. These systems often require ADCs that offer 

both high resolution and fast conversion times to meet the performance demands of these 

complex applications. The design of ADCs for high-performance CIM systems must therefore 

focus on achieving optimal trade-offs between speed, resolution, power consumption, and area 

[11]. High-resolution ADCs are essential in high-performance CIM systems because they enable 

accurate conversion of analog signals, which is crucial for tasks such as image processing, signal 

processing, and data analytics. However, high-resolution ADCs tend to consume more power 

and occupy more area, making them less ideal for energy-constrained systems. Therefore, 

balancing the resolution requirements with the power and area constraints is a significant 

challenge in the design of ADCs for high-performance CIM systems. In addition to high 

resolution, high-performance CIM systems require ADCs that can operate at high speeds to 

handle the rapid influx of data. Fast ADCs are required to ensure that the system can process data 

in real-time, particularly in applications such as AI, where large datasets need to be processed 

quickly. However, high-speed ADCs typically require more complex circuitry and higher power 

consumption. The challenge lies in designing ADCs that can achieve the necessary speed while 

maintaining low power consumption and small area. One approach to achieving high-speed 

ADCs is the use of parallel processing techniques, where multiple ADCs operate concurrently to 

increase the overall conversion rate.  

This method can help improve the speed of data conversion without significantly increasing 

power consumption or area. Additionally, pipelined ADC architectures, where the conversion 

process is divided into multiple stages, can also help achieve higher speeds with reduced power 

and area consumption. Moreover, the integration of machine learning techniques in high-

performance CIM systems offers a promising approach for optimizing ADC performance. 

Machine learning algorithms can be used to adjust ADC parameters dynamically based on the 
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workload, ensuring that the ADC operates at the optimal resolution and speed for the task at 

hand. This dynamic adjustment allows for better utilization of system resources, resulting in 

lower power consumption and area usage while maintaining high performance. 

In high-performance CIM systems, the ADCs must also be designed to handle large-scale data 

processing without becoming a bottleneck in the system. This requires careful optimization of 

the ADC’s interface with memory elements and processors, ensuring that the conversion process 

does not delay data processing. Fast, efficient communication between the ADC and other 

components is essential to maintaining high system performance. Additionally, the design of 

high-performance ADCs for CIM accelerators requires advanced fabrication technologies to 

ensure that the ADCs can operate at the required resolution and speed while occupying minimal 

area. These technologies enable the development of smaller, more power-efficient ADCs that can 

handle the demanding requirements of high-performance CIM systems. Finally, the application 

of low-power design techniques, such as voltage scaling and adaptive techniques, is critical in 

ensuring that the high-performance CIM systems remain energy-efficient. By using these 

techniques, high-speed and high-resolution ADCs can operate efficiently without consuming 

excessive power, helping to maximize the performance and sustainability of the system. 

VII. Future Directions and Challenges 

The field of ADC design for CIM accelerators is rapidly evolving, with numerous opportunities 

for improvement and innovation. As computing workloads continue to grow in complexity and 

scale, the demand for more efficient and powerful ADCs will increase. One of the main 

challenges will be the ability to scale ADC designs to meet the performance needs of next-

generation computing applications, such as deep learning and large-scale data analytics. One 

promising direction is the use of advanced materials and fabrication technologies to develop 

more compact and energy-efficient ADCs. For example, the use of memristive devices and 

nanotechnology could enable the creation of ADCs that consume less power and occupy smaller 

areas, while maintaining high resolution and speed. These technologies have the potential to 

revolutionize ADC design, leading to more efficient CIM accelerators. Another important area of 

research is the integration of ADCs with other hardware components in a more seamless manner.  
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As CIM accelerators continue to evolve, ADCs must work efficiently in conjunction with 

memory units, processors, and other specialized hardware to optimize performance [12]. This 

requires innovative interconnect and integration strategies to minimize latency and maximize 

throughput. Furthermore, the use of machine learning techniques in ADC design will likely play 

a crucial role in future developments. Machine learning algorithms can be employed to optimize 

ADC parameters, such as resolution, sampling rate, and power consumption, in real-time based 

on workload conditions. This adaptive approach will allow CIM accelerators to dynamically 

adjust to varying computational demands, ensuring that they remain energy-efficient and high-

performing under all conditions. Additionally, as the demand for low-power computing 

increases, especially in edge computing and mobile applications, energy-efficient ADCs will 

become even more critical.  

The ability to design ADCs that balance power, area, and performance in an energy-constrained 

environment will be a key challenge moving forward. Finally, there is a growing need for 

standardization in ADC design for CIM accelerators. As the field progresses, developing 

standardized frameworks and design guidelines will help ensure interoperability and allow for 

the more widespread adoption of CIM-based architectures. Standardization will also facilitate 

more efficient comparisons between different ADC designs, leading to faster innovation and 

adoption of best practices. 

VIII. Conclusion 

The design of ADCs for Compute-in-Memory (CIM) accelerators presents a unique set of 

challenges due to the need to balance energy efficiency and area efficiency with high 

performance. As computing workloads continue to grow, the demand for high-speed, high-

resolution ADCs will increase. However, achieving the necessary performance while minimizing 

power consumption and area requires careful consideration of various trade-offs. This paper has 

explored the energy and area trade-offs in ADC design for CIM accelerators, highlighting the 

importance of optimizing ADC performance for energy efficiency, area efficiency, and system 

integration. By utilizing techniques such as adaptive architectures, hybrid designs, and advanced 

materials, it is possible to achieve significant improvements in the efficiency of ADCs used in 

CIM accelerators. Looking ahead, the integration of machine learning techniques, advanced 
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fabrication technologies, and low-power design strategies will play a crucial role in advancing 

ADCs for CIM accelerators. These innovations will enable the development of more efficient, 

scalable, and sustainable computing systems capable of meeting the growing demands of modern 

computational workloads. 
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